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{} ML functions histograms v3io:///projects/breast-cancer-admin/artifacts/plots/histograms.... size: 3.82 MB Apr 29,12:57:06 AM L
{6} Realtime functions
violin v3io:///projects/breast-cancer-admin/artifacts/plots/violin.html size: 413 MB Apr 29,12:57:06 AM L
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Projects > getting-started-iris-iguazio > Functions

Monitor

c
Name Kind Hash Updated Command Image Description
describe latest Local ...1e4fa5f 23 Apr, 11:46:36 mirun/ml-models describe and visual...
describe latest Local ...d4ede50 23 Apr, 11:48:07 mirun/ml-models:0.4.7 describe and visual...
describe latest Local ...1e4fa5f 23 Apr, 11:46:36 mirun/ml-models describe and visual...
get-data latest Local ...3fe5c% 23 Apr, 11:47:36 mirun/ml-models:0.4.7
get-data latest Local ...49696c9 23 Apr, 11:46:36 mirun/ml-models
get-data latest Local ...49696c9 23 Apr, 11:46:36 mirun/ml-models
model-server-tester latest Local ...2d06ec9 23 Apr, 11:46:37 mirun/mirun test model servers
model-server-tester latest Local ...90baf%a 23 Apr, 11:49:47 mirun/mirun:0.4.7 test model servers
model-server-tester latest Local ...2d06ec9 23 Apr, 11:46:37 mirun/mirun test model servers
sklearn-classifier latest Local ...7¢53985 23 Apr, 11:47:50 mirun/ml-models:0.4.7 train any classifier ...

sklearn-classifier latest Local ...c374342 23 Apr, 11:46:36 mirun/ml-models train any classifier ...
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